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Experience Al —
Glossary of terms

This glossary explains artificial intelligence
(Al) and machine learning (ML) key terms

used in the Experience Al Lessons and
beyond.

Jump to the glossary

We have designed these explanations
primarily for teachers and educators, with a
young audience in mind. With this glossary,
we aim to support you to strengthen your
understanding of these key terms, as well
as your technical knowledge.

Vocabulary is an important part of teaching
and learning. Using vocabulary correctly
can support learners to develop their
understanding, while its inconsistent use
can lead to alternate conceptions
(misconceptions) that can interfere with
students’ learning. You can read more
about this in our Pedagogy Quick Read on
alternate conceptions. As a teacher, using
accurate, technical vocabulary regularly and
consistently can support students’
conceptual understanding.

We have used ‘semantic waves' theory to
help us write the explanations. Each
explanation follows the same three-part
structure: the first part is a more abstract
explanation of the term, the second part
unpacks the meaning of the term using a
common example, and the third part
repacks what was explained in the example
in more abstract terms again to reconnect
with the vocabulary. You can find out more

Izwa i-Al - Uhlu
lwamagama

Le glossary ichaza ubuhlakani bokwenziwa
(Al) nokufunda komshini (ML) amagama
abalulekile asetshenziswe kokuthi Thola
|zifundo ze-Al nangale kwalokho.

Gxumela kuhlu lIwamagama

Sidizayine lezi zincazelo senzela
ikakhulukazi othisha abanabantu abancane
emgondweni wabo Ngalolu luhlu
Iwamagama, sihlose ukukusekela ukuze
uqginise ukugonda kwakho la magama
abalulekile, kanye nolwazi lwakho
lobuchwepheshe.

Silulumagama (vocabulary)siyingxenye
ebalulekile yokufundisa nokufunda.
Ukusebenzisa isilulumagama ngendlela
efanele kungasiza abafundi ukuba
bathuthukise ukugonda kwabo, kuyilapho
ukusetshenziswa kwalo okungaguquki
kungaholela emicabangweni ehlukile
(imibono eyiphutha) engaphazamisa
ukufunda kwabafundi. Ungafunda
okwengeziwe mayelana nalokhu
kwiPedagogy yethu Ukufunda Okusheshayo
kweminye imibono. Njengothisha,
ukusebenzisa ulwazimagama olunembile,
lobuchwepheshe njalo
nangokungaguquguquki kungasekela
ukugonda komgondo kwabafundi.

Sisebenzise ithiyori ye-'semantic wave'
ukuze usisize sibhale izincazelo. Incazelo
ngayinye ilandela ukwakheka okufanayo
okunezingxenye ezintathu: ingxenye
yokuqala iyincazelo engacacile yegama,
ingxenye yesibili iveza incazelo yegama
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in our Pedagogy Quick Read on semantic kusetshenziswa isibonelo esivamile, futhi

waves. ingxenye yesithathu iphinda iphinde
ihlanganise lokho okwachazwa

This is Version 1 of the glossary. This esibonelweni ngamagama angaqondakali

glossary will be added to, revised, and kakhudlwana futhi ukuze iphinde ixhumane

updated alongside the evolution of the nesilulumagama. Ungathola okwengeziwe

Experience Al Lessons. kokuthi yethu Pedagogy Ukufunda

Okusheshayo kumagagasi e-semantic.

Lena Inguqulo yokuqala yohlu lwamagama.
Le glossary izokwengezwa, ibuyekezwe,
kanye nokuvela kweZifundo ze-Al ze-Al.
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ML accuracy

Accuracy refers to how correct something is. In
machine learning (ML), accuracy is a way of
measuring how often an ML model is making a
correct prediction. For example, a classification
model is designed to classify apples. From 100
images of apples, 90 are classified correctly.
The classification accuracy of the model is 90%.
Accuracy is one way to evaluate ML models.
Most often, accuracy is used along with other
measures to evaluate the quality of a model.

Artificial intelligence

Artificial intelligence (Al) is the design and study
of systems that appear to mimic intelligent
behaviour. Some Al applications are based on
rules. More often now, Al applications are built
using machine learning that is said to ‘learn’
from examples in the form of data. For example,
some Al applications are built to answer
questions or help diagnose illnesses. Other Al
applications could be built for harmful purposes,
such as spreading fake news. Al applications do
not think. Al applications are built to carry out
tasks in a way that appears to be intelligent.

Ukunemba kwe-ML

Ukunemba kubhekiswe ekutheni iyiginiso
kangakanani into Ekufundweni komshini (ML),
ukunemba kuyindlela yokulinganisa ukuthi i-ML
imodeli yenza kangaki ukubikezela okulungile.
Isibonelo, imodeli engu- iklanyelwe
ukuhlukanisa ama-apula. Kusuka ezithombeni
eziyi-100 zama-apula, ezingama-90
zihlukaniswa ngendlela efanele. Ngokuvamile,
ukunemba kusetshenziswa kanye nezinye
izinyathelo zokuhlola ikhwalithi yemodeli.
Ukunemba kungenye yezindlela zokuhlola
amamodeli e-ML. Ngokuvamile, ukunemba
kusetshenziswa kanye nezinye izinyathelo
zokuhlola ikhwalithi yemodeli.

Ukuhlakanipha
okungekhona
okwangempela

I-Artificial intelligence (Al) idizayini nocwaningo
Iwezinhlelo ezibonakala zilingisa ukuziphatha
okuhlakaniphile. Ezinye izinhlelo zokusebenza
kwe-Al zisekelwe emibandela Kaningi manje,
izinhlelo zokusebenza ze-Al zakhiwa
kusetshenziswa u- umshini wokufunda
okuthiwa 'ukufunda’ ezibonelweni ngendlela
yedatha. Isibonelo, ezinye izinhlelo zokusebenza
ze-Al zakhelwe ukuphendula imibuzo noma
ukusiza ukuxilonga izifo. Ezinye izinhlelo
zokusebenza ze-Al zingakhelwa izinjongo
eziyingozi, njengokusabalalisa izindaba
ezingamanga. Izinhlelo zokusebenza ze-Al
azicabangi. Izinhlelo zokusebenza ze-Al
zakhelwe ukwenza imisebenzi ngendlela
ebonakala ihlakaniphile.
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Al literacy

Al literacy is a set of competencies and ways of
thinking that allow people to meaningfully
engage with artificial intelligence (Al)
applications, as well as in situations where Al
applications are used around them. Such
competencies include understanding Al, being
involved in developing Al systems, and having
informed opinions on the ways in which Al
systems are used in the world. For example, a
person uses Al literacy when they assess the
accuracy of the information provided by an Al
chatbot application. As well as different ways of
engaging with Al applications, Al literacy
includes people’s potential to actively
participate in deciding how Al systems might be
used around them

Al project lifecycle

The artificial intelligence (Al) project lifecycle
refers to the different steps it might take to
design and build a machine learning (ML)
model. The steps include defining the problem,
preparing the data, training the model, testing
the model, evaluating the model, and explaining
the model. For example, an ML model is
designed to generate new song playlists. An ML
developer might first consider what type of
playlist they want to create. Next, they might
collect and prepare song data. The ML model is
trained and tested with the song data. The ML
model is evaluated to see if it works as
expected. Finally, the ML model is explained so
that others can use it. Usually, the Al project
lifecycle steps are used iteratively rather than
one after the other. The Al project lifecycle is a
series of iterative steps used to build and
improve an ML model.

Ukwazi ukufunda
nokubhala kwe-Al

I-Al literacy igoqo lamakhono nezindlela
zokucabanga ezivumela abantu ukuthi
bazibandakanye ngokuphusile nobuhlakani
bokwenziwa (Al) izicelo ezisetshenziswa eduze
kwazo lapho Al esetshenziswa ezimweni lapho
izicelo zisetshenziswa khona. Amakhono anjalo
ahlanganisa ukuqonda i-Al, ukubamba ighaza
ekuthuthukiseni izinhlelo ze-Al, kanye nokuba
nemibono enolwazi ngezindlela amasistimu e-Al
asetshenziswa ngayo emhlabeni. Isibonelo,
umuntu usebenzisa i-Al ukufunda nokubhala
lapho ehlola ukunemba kolwazi olunikezwa
uhlelo lokusebenza Iwengxoxo ye-Al. Kanye
nezindlela ezahlukene zokusebenzisana
nezinhlelo ze-Al, ulwazi lokufunda nokubhala
Iwe-Al luhlanganisa amandla abantu okubamba
ighaza ekunqumeni ukuthi izinhlelo ze-Al
zingasetshenziswa kanjani eduze kwabo.

Umyjikelezo wokuphila
wephrojekthi ye-Al

I- ubuhlakani bokwenziwa (Al) umjikelezo
wempilo wephrojekthi isho izinyathelo
ezihlukene engazithatha ukuze idizayine futhi
yakhe umshini wokufunda womshini ongu- (ML)
imodeli. Izinyathelo zihlanganisa ukuchaza
inkinga, ukulungisa idatha, ukugegeshwa
imodeli, ukuhlola imodeli, ukuhlola imodeli,
nokuchaza imodeli. Isibonelo, imodeli ye-ML
yakhelwe ukwenza uhlu olusha lwezingoma.
Umthuthukisi we-ML angase acabange kuqala
ukuthi yiluphi uhlobo lohlu Iwadlalwayo afuna
ukuludala. Okulandelayo, bangase baqoge futhi
balungiselele idatha yengoma. Imodeli ye-ML
igeqeshiwe futhi ihlolwe ngedatha yengoma.
Imodeli ye-ML iyahlolwa ukuze kubonakale
ukuthi isebenza ngendlela elindelekile yini.
Ekugcineni, imodeli ye-ML iyachazwa ukuze
abanye bakwazi ukuyisebenzisa. Imvamisa,
izinyathelo zomjikelezo wokuphila wephrojekthi
ye-Al zisetshenziswa ngokuphindaphindiwe
esikhundleni sokunye ngemva kokunye.
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Bias

Bias refers to a preference for or against
something. For example, a student might prefer
English lessons to maths lessons and spend
more time on their English homework. In other
words, they have a bias towards the subject of
English. There are many types of bias, including
societal bias and data bias. Machine learning
(ML) developers have to think carefully about
whether the data they are using to train ML
models is biased or not. Being biased can result
in giving an advantage to a person, group, or set
of ideas or beliefs compared with another.

ML class

To train classification models, machine learning
(ML) developers organise the data into
predefined groups called classes. Classes are
defined in advance based on what people find
useful to group things into. Imagine an ML
application designed to identify fruits in a
supermarket. The data might be organised in
classes of apples, bananas, oranges,
blueberries, etc. A class is a group of things that
classification models use to identify similarities
in the data.

ML classification

Classification refers to the task of assigning
things into predefined groups, called classes.
Classes are defined in advance based on what
people find useful to group things into. An

Umijikelezo wempilo wephrojekthi ye-Al
uchungechunge lwezinyathelo
eziphindaphindwayo ezisetshenziselwa
ukwakha nokuthuthukisa imodeli ye-ML.

Ukuchema

Ukuchema kubhekisela ekukhetheni okuthile
noma ngokumelene nento ethile. Isibonelo,
umfundi angase akhethe izifundo zesiNgisi
kunezifundo zezibalo futhi achithe isikhathi
esiningi emsebenzini wakhe wasekhaya
wesiNgisi. Ngamanye amazwi, banokwenzelela
esifundweni sesiNgisi. Kunezinhlobo eziningi
zokuchema, okuhlanganisa ukuchema
komphakathi kanye ukuchema kwedatha.
Ukufunda ngomshini (ML) onjiniyela kufanele
bacabange kahle ngokuthi idatha
abayisebenzisa ukugegesha ML amamodeli
achemile noma cha. Ukuchema kungaphumela
ekunikezeni inzuzo kumuntu, igembu, noma
igogo lemibono noma izinkolelo uma
kughathaniswa nenye.

lkilasi le-ML

Ukufunda ngomshini (ML) onjiniyela kufanele
bacabange kahle ngokuthi idatha
abayisebenzisa ukugeqesha ML amamodeli
achemile noma cha. Amakilasi achazwa
kusengaphambili ngokusekelwe kulokho abantu
abakuthola kuwusizo ukuhlanganisa izinto zibe.
Cabanga ngohlelo lwe-ML oluklanyelwe
ukuhlonza izithelo esuphamakethe. Idatha
ingase ihlelwe ngamakilasi ama-apula,
ubhanana, amawolintshi, amajikijolo aluhlaza
okwesibhakabhaka, njll. Ikilasi igogo lezinto
amamodeli okuhlukanisa azisebenzisayo
ukukhomba ukufana kudatha.

Ukuhlukaniswa kwe-ML

Ukuhlelwa kubhekisela emsebenzini wokwabela
izinto emaqgenjini achazwe ngaphambilini,

abizwa ngokuthi amakilasi. Amakilasi achazwa
kusengaphambili ngokusekelwe kulokho abantu
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example of a classification problem is
sentiment analysis of song reviews. A machine
learning (ML) classification model is trained
with reviews labelled by people as ‘positive’ or
‘negative’. After training, the ML model can be
used to predict whether a new review should be
classified as either ‘positive’ or ‘negative’. A
classification model predicts one or more class
labels. A classification approach is useful for
solving problems where the answer falls into
predefined groups.

Computer vision

Computer vision is the study of systems
designed to process information from digital
images or videos. Computer vision application
examples include facial recognition, medical
imaging, and video surveillance. For example,
computer vision is used in the design of
self-driving cars to detect and avoid crashing
into objects. Most often, computer vision
systems use machine learning models to
identify patterns in the image and video data.
Computer vision systems are useful where
information from digital images or videos can
be used to solve a problem.

ML confidence

Confidence refers to how certain something is.
In machine learning (ML), confidence is a way
of measuring the certainty of a prediction. For
example, a classification model is designed to
predict if it will rain tomorrow. The model
predicts with 90% confidence that there will be
rain tomorrow. In other words, there is a 90%
certainty that tomorrow it will rain. Using
confidence to measure the certainty of

abakuthola kuwusizo ukuhlanganisa izinto
kukho. Isibonelo senkinga yokuhlukanisa
ukuhlaziya imizwa yokubuyekezwa kwengoma.
A ukufunda ngomshini (ML) ukuhlukaniswa
imodeli ogegeshiwe ngezibuyekezo ezilebulwe
ngokuthi ngabantu 'njengemibi' noma
‘engalungile’. Ngemva kokugegeshwa, imodeli
ye-ML ingase isetshenziselwe ukubikezela
ukuthi isibuyekezo esisha kufanele sifakwe
kusigaba 'njengokuhle’ noma 'okubi'. Imodeli
yokuhlukanisa ibikezela ilebula lekilasi elilodwa
noma amaningi. Indlela yokuhlukanisa iwusizo
ekuxazululeni izinkinga lapho impendulo iwela
emagenjini achazwe ngaphambilini.

Umbono
wekhompyutha

Umbono wekhompyutha wucwaningo
Iwezinhlelo eziklanyelwe ukucubungula ulwazi
oluvela ezithombeni zedijithali noma amavidiyo.
Izibonelo zohlelo lokusebenza lombono
wekhompyutha zifaka ukubonwa kobuso,
ukuthwebula isithombe sezokwelapha,
nokubhekwa kwevidiyo. Isibonelo, ukubona
ngekhompyutha kusetshenziswa ekwakhiweni
kwezimoto ezizishayelayo ukuze zibone futhi
zigweme ukushayisana nezinto. Ngokuvamile,
amasistimu okubona ekhompuyutha
asebenzisa ukufunda komshini amamodeli
ukuze ahlonze amaphethini kudatha yesithombe
nevidiyo. Izinhlelo zokubona ngekhompyutha
ziwusizo lapho ulwazi oluvela ezithombeni
zedijithali noma amavidiyo lungasetshenziswa
ukuxazulula inkinga.

ML ukuzethemba

Ukuzethemba kusho ukuthi into iginisekile
kangakanani. Ku- yokufunda ngomshini (ML),
ukuzethemba kuyindlela yokulinganisa
isiginiseko sokubikezela . Isibonelo, imodeli
engu- imodeli iklanyelwe ukubikezela ukuthi
lizona yini kusasa. Lo modeli ugagela
ngokuzethemba okungu-90% ukuthi kuzoba
nemvula kusasa. Ngamanye amazwi,
kunesiginiseko esingu-90% sokuthi kusasa
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predictions helps to evaluate the quality of an
ML model.

ML confidence
threshold

Confidence threshold refers to a value set as a
level of acceptance for a machine learning (ML)
model’s predictions. The confidence threshold
is chosen by the ML developer when designing
the ML model. For example, a prediction is
generated by an ML model with 50% confidence
that there will be a snowstorm tomorrow.
However, if the confidence threshold is set to
60%, that prediction will be considered
inaccurate. In other words, unless the
prediction’s confidence is 60% or higher, it will
not be accepted as accurate. The value is set
according to the nature of the problem being
solved, with medical diagnosis predictions
requiring a higher confidence threshold than
song recommendations. The choice of
threshold value determines what is an
acceptable level of prediction confidence.

Data

Data refers to values, measurements, facts, or
observations in a form suitable to be processed
by computer programs. There are many types of
data, such as text, image, or sound. An example
of text data is messages people exchange with
their friends on digital devices. In machine
learning (ML), data represents the examples ML
models are trained with. Collecting, cleaning,
and structuring vast amounts of data are an
essential part of designing ML models.

lizokuna. Ukusebenzisa ukuzethemba
ukulinganisa isiginiseko sezibikezelo kusiza
ukuhlola ikhwalithi yemodeli ye-ML.

ML umkhawulo
wokuzethemba

Umkhawulo wokuzethemba ubhekisela enanini
elimisiwe njengezinga lokwamukelwa
kokubikezela komshini (ML) imodeli izibikezelo.
Umkhawulo wokuzethemba ukhethwa unjiniyela
we-ML lapho aklama imodeli ye-ML. Isibonelo,
ukugagela kukhigizwa imodeli ye-ML
enokuzithemba okungu-50% ukuthi kuzoba
nesiphepho seghwa kusasa. Kodwa-ke, uma
umkhawulo wokuzethemba usethelwe ku-60%,
lokho kubikezela kuzothathwa
njengokunganembile. Ngamanye amazwi,
ngaphandle kokuthi ukuzethemba kwesibikezelo
kungu-60% noma ngaphezulu, ngeke
kwamukelwe njengokunembile . Inani lisethwa
ngokuya ngohlobo Iwenkinga exazululekayo,
ngokubikezela kokuxilongwa kwezokwelapha
okudinga umkhawulo wokuzithemba ophakeme
kunezincomo zengoma. Ukukhethwa kwevelu
yomkhawulo kunquma ukuthi iliphi izinga
elamukelekayo lokuginiseka kokugagela.

Idatha

Idatha isho amanani, izilinganiso, amaginiso,
noma okubonwayo ngendlela efanele
ukucutshungulwa izinhlelo zekhompyutha.
Kunezinhlobo eziningi zedatha, njengombhalo,
isithombe, noma umsindo. Isibonelo sedatha
yombhalo imilayezo abantu abashintshana
ngayo nabangani babo kumadivayisi edijithali.
Ku- yokufunda komshini (ML), idatha imelela
izibonelo ze-ML amamodeli ageqeshiwe nge.
Ukuqoqa, cleaning, kanye nokuhlela amanani
amakhulu edatha kuyingxenye ebalulekile
yokuklama amamodeli e-ML.
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Data-driven

Data-driven is a way of designing systems using
data instead of step-by-step instructions. For
example, knowing what causes certain diseases
is hard, but there is lots of example data.
Therefore, designers use the medical data of
people affected by the disease to diagnose it.
Data-driven systems stand in contrast with
rule-based systems. Data-driven systems are
suitable for solving problems where rules that
cover every situation are difficult to produce.
Instead, enough examples can be collected to
inform a solution.

Data bias

Data bias refers to bias reflected in the data
used to train machine learning (ML) models.
Data bias can lead to ML models being trained
to generate biased predictions. For example,
some facial recognition models are biased
against faces of certain skin tones, because the
ML models have been trained using mostly
images of faces of one skin tone. There are
several potential sources of data bias. These
include incomplete data, and data that reflects
societal bias. Detecting data bias is important
to avoid ML models generating biased
predictions.

Data cleaning

Data cleaning is a step in preparing the data
used to train a machine learning (ML) model.
Data cleaning involves identifying and
correcting errors in the data. For example, fixing
typing errors or removing duplicates in text data
are two simple data cleaning tasks. Most often,
data is messy and requires more complex
cleaning before being used to train ML models.
There are many ways of cleaning data

Kughutshwa idatha

Okushayelwa yidatha kuyindlela yokuklama
amasistimu usebenzisa idatha esikhundleni
semiyalelo yesinyathelo nesinyathelo. Isibonelo,
ukwazi ukuthi yini ebangela izifo ezithile
kunzima, kodwa kunedatha eminingi yesibonelo.
Ngakho-ke, abaklami basebenzisa idatha
yezokwelapha yabantu abathintekile yilesi sifo
ukuze bayixilonge. Amasistimu aghutshwa
yidatha ame ngokungafani nezinhlelo ezingu-
ezisekelwe kumthetho. Amasistimu aghutshwa
yidatha afanele ukuxazulula izinkinga lapho
imithetho ehlanganisa zonke izimo kunzima
ukuyikhigiza. Kunalokho, kungagogwa izibonelo
ezanele ukwazisa isisombululo.

Ukuhlanza idatha

Ukuhlanza idatha kuyisinyathelo sokulungiselela
idatha esetshenziselwa isitimela a ukufunda
ngomshini (ML) imodeli. Ukuhlanza idatha
kuhilela ukuhlonza nokulungisa amaphutha
kudatha. Isibonelo, ukulungisa amaphutha
okuthayipha noma ukususa izimpinda kudatha
yombhalo kuyimisebenzi emibili elula
yokuhlanza idatha. Ngokuvamile, idatha
ingcolile futhi idinga ukuhlanzwa
okuyinkimbinkimbi ngaphambi kokuba
isetshenziselwe ukugegesha amamodeli e-ML.
Kunezindlela eziningi zokuhlanza idatha kuye
ngenkinga kanye nohlobo lwedatha.
Ukusebenzisa idatha ehlanzekile kubalulekile
ekwakheni amamodeli angu- anembile ML.

Ukuhlanza idatha

Ukuhlanza idatha kuyisinyathelo sokulungiselela
idatha esetshenziselwa isitimela a ukufunda
ngomshini (ML) imodeli. Ukuhlanza idatha
kuhilela ukuhlonza nokulungisa amaphutha
kudatha. Isibonelo, ukulungisa amaphutha
okuthayipha noma ukususa izimpinda kudatha
yombhalo kuyimisebenzi emibili elula
yokuhlanza idatha. Ngokuvamile, idatha
ingcolile futhi idinga ukuhlanzwa
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depending on the problem and data type. Using
clean data is essential for building accurate ML
models.

ML decision tree

A machine learning (ML) decision tree is one
type of ML model. ML developers use decision
trees to structure a set of conditions based on
which a prediction can be made. The conditions
are derived from features in the data. For
example, a decision tree might be used to build
a movie recommendation system. The decision
tree model is trained using many people’s movie
preferences. During training, conditions are
generated based on features such as the movie
type, length, or lead actor. The ML model
generates a prediction of which movie someone
might like to watch next, based on how their
preferences follow the conditions in the model.
The structure of ML decision trees is generated
based on vast amounts of data, and may
change if retrained with different data.

ML decision tree node

A machine learning (ML) decision tree is made
up of nodes. The nodes are linked to form a
structure based on which a prediction can be
generated. There are two types of nodes:
decision nodes and leaf nodes. For example,
consider a decision tree built to predict the
types of stars in our solar system. The decision
nodes represent data features such as the
temperature, radius, colour, or brightness of
stars. The leaf nodes represent the star types in
the form of prediction labels, such as ‘Red
Dwarf’, ‘White Dwarf’, or ‘Brown Dwarf’. Decision

okuyinkimbinkimbi ngaphambi kokuba
isetshenziselwe ukugeqesha amamodeli e-ML.
Kunezindlela eziningi zokuhlanza idatha kuye
ngenkinga kanye nohlobo Iwedatha.
Ukusebenzisa idatha ehlanzekile kubalulekile
ekwakheni amamodeli angu- anembile ML.

Isihlahla sesinqumo
se-ML

I- yokufunda ngomshini (ML) isihlahla
sesinqumo uhlobo olulodwa Iwe-ML imodeli.
Onjiniyela be-ML basebenzisa izihlahla
zesinqumo ukuze bakhe isethi yezimo
ezisuselwe lapho isibikezelo singenziwa. 1zimo
zithathwe kokuthi izici kudatha engu- .
Isibonelo, isihlahla sesinqumo singase
sisetshenziswe ukwakha isistimu yokuncoma
imuvi. Imodeli yesihlahla sesinqumo iqgeqeshwe
kusetshenziswa izintandokazi zamamuvi
zabantu abaningi. Phakathi nokugeqgeshwa,
izimo zikhigizwa ngokusekelwe ezicini ezifana
nohlobo Iwe-movie, ubude, noma umlingisi
oholayo. Imodeli ye-ML ikhigiza ukugagela
kokuthi iyiphi ifilimu omunye angathanda
ukuyibuka ngokulandelayo, ngokusekelwe
endleleni abakukhethayo okulandela ngayo
izimo zemodeli. Isakhiwo sezihlahla zesinqumo
se-ML sikhigizwa ngokusekelwe enanini elikhulu
ledatha, futhi singashintsha uma sigegeshwa
kabusha ngedatha ehlukile.

Inodi yesihlahla
sesinqumo se-ML

I- yokufunda ngomshini (ML) isihlahla
sesinqumo sakhiwe ngamanodi. Amanodi
axhunywe ukwakha isakhiwo esisekelwe lapho
isibikezelo singakhigizwa. Kunezinhlobo
ezimbili zama-node: izindawo zokunquma kanye
nama-leaf nodes. Ngokwesibonelo, cabanga
ngesihlahla sesinqumo esakhelwe ukubikezela
izinhlobo zezinkanyezi esimisweni sethu
sonozungezilanga. Amanodi wesinqumo amele
idatha izici njengezinga lokushisa, irediyasi,
umbala, noma ukukhanya kwezinkanyezi.
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tree nodes form the structure required for an ML
model to generate a prediction.

ML explainability

Explainability refers to the extent to which
something can be understood. In machine
learning (ML), explainability helps people
understand how a prediction was produced. For
example, ML decision tree models are
explainable because the nodes can be analysed
in a way that people can understand. Most ML
models are not fully explainable, and some are
more explainable than others. Increasing the
explainability of a model can help fix problems
and fight bias.

ML feature

In machine learning (ML), features represent
characteristics associated with the data. For
example, a music data set might have features
such as tempo, pitch, energy, or genre. Some ML
models are trained using features to find
similarities in the data. Others predict new
features in the data that people cannot easily
observe. Choosing what features to use when
training an ML model can make a difference to
how well the model works.

Generative Al

Generative Al is a type of artificial intelligence
(Al) designed to generate content, such as text,
images, or sound. There are lots of applications
that use generative Al, including the production
of art or music, or generating text for chatbots.
For example, generative Al art applications can
generate an image based on a prompt, such as
“make me a picture of a dragon reading a book”.

Amanodi eqabunga amele izinhlobo zenkanyezi
ngendlela yokubikezela amalebula, njengokuthi
'Red Dwarf', 'White Dwarf', noma '‘Brown Dwarf'.
Amanodi esihlahla sesinqumo akha isakhiwo
esidingekayo kumodeli ye-ML ukuze kwenziwe
isibikezelo.

ML ukuchaza

Ukuchazwa kubhekisela ezingeni into
engagondwa ngayo. Ku- yokufunda komshini
(ML), ukuchaza kusiza abantu bagonde ukuthi
ukubikezela kwakhigizwa kanjani. Isibonelo,
i-ML isihlahla sesinqumo amamodeli
ayachazeka ngoba nodes angahlaziywa
ngendlela abantu abangayiqgonda. Amamodeli
amaningi e-ML awachazeki ngokugcwele, futhi
amanye achazeka kakhulu kunamanye.
Ukukhulisa ukuchazeka kwemodeli kungasiza
ukulungisa izinkinga futhi kulwe bias.

Isici se-ML

Ku- yokufunda komshini (ML), izici zimelela izici
ezihlobene nedatha engu- . Isibonelo, isethi
yedatha yomculo ingase ibe nezici ezifana
ne-tempo, iphimbo, amandla, noma uhlobo.
Amanye amamodeli e-ML ageqeshiwe
asebenzisa izici ukuze athole ukufana kudatha.
Abanye babikezela izici ezintsha kudatha
abantu abangakwazi ukuzibona kalula.
Ukukhetha ukuthi iziphi izici ongazisebenzisa
lapho ugegesha imodeli ye-ML kungenza
umehluko endleleni imodeli esebenza kahle
ngayo.

I-Generative Al

I-Generative Al iwuhlobo Iwe- aubuhlakani
bokufakelwa (Al) oklanyelwe ukukhigiza
okuqukethwe, okufana nombhalo, izithombe,
noma umsindo. Kunezinhlelo zokusebenza
eziningi ezisebenzisa i-Al ekhigizayo,
okuhlanganisa ukukhigizwa kobuciko noma
umculo, noma ukukhigiza umbhalo
wama-chatbots. Isibonelo, izinhlelo
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Generative Al art is created using machine
learning models trained on millions of images
of existing art. The resulting images may
replicate the style of an artist, without the
original artist knowing or approving. Generative
Al applications are becoming more and more
commonplace and often you cannot tell that
generative Al is being used.

ML label

In supervised learning, a machine learning (ML)
model is trained using labelled data. Each piece
of data is annotated with one or more labels
that provide information about that data. For
example, an ML model is designed to identify
bird sounds. Each sound is labelled with the
name of the bird that made the sound. The ML
model is trained with the labelled sounds and
can predict the label (bird name) of new
sounds. Data is most often labelled by people to
provide accurate examples to train ML models
with.

Machine learning

Machine learning (ML) is an approach used to
design and build artificial intelligence (Al)
systems. ML is said to ‘learn’ by using examples
in the form of data, instead of executing
step-by-step instructions. In other words, ML
applications are data-driven. For example, an
ML application is used to recognise speech. It is
based on many examples of people speaking in
different accents and tones of voice. Other ML
applications include identifying objects in
images or playing complex games. Each ML
application is designed to solve a specific
problem.

zokusebenza zobuciko ze-Al ezikhigizayo
zingakha isithombe esisekelwe ekwazisweni,
njengokuthi "ngenzele isithombe sikadrako
ofunda incwadi". Ubuciko bokukhigiza be-Al
budalwa kusetshenziswa u- ukufunda komshini
amamodeli agegeshiwe ngezigidi zezithombe
zobuciko obukhona. Izithombe eziwumphumela
zingase ziphindaphinde isitayela seciko,
ngaphandle kokuthi iciko logobo lazi noma
livume. Izicelo ze-Generative Al ziya ngokuya
ziba yinto evamile futhi ngokuvamile awukwazi
ukusho ukuthi i-generative Al isetshenziswa.

ML ilebula

Ekufundeni okugadiwe, imodeli yokufunda
ngomshini (ML) iqeqeshiwe kusetshenziswa
okulebulwe kokuthi idatha. Ucezu ngalunye
Iwedatha lufakwe ilebula elilodwa noma
ngaphezulu anikeza ulwazi mayelana naleyo
datha. Isibonelo, imodeli ye-ML yakhelwe
ukukhomba imisindo yezinyoni. Umsindo
ngamunye ubhalwe igama lenyoni eyenza
umsindo. Imodeli ye-ML igeqeshwe ngemisindo
enelebula futhi ingagagela ilebula (igama
lenyoni) yemisindo emisha. Idatha ivame
ukulebula abantu ukuze banikeze izibonelo
ezinembile zokugegesha amamodeli e-ML.

Ukufunda ngomshini

Ukufunda ngomshini (ML) kuyindlela
esetshenziselwa ukuklama nokwakha
ubuhlakani bokufakelwa (Al) amasistimu. I-ML
kuthiwa 'ifunda’ ngokusebenzisa izibonelo
ngendlela idatha, esikhundleni sokwenza
imiyalelo yesinyathelo nesinyathelo. Ngamanye
amazwi, izinhlelo zokusebenza ze-ML
zighutshwa idatha. Isibonelo, uhlelo lwe-ML
lusetshenziselwa ukubona inkulumo. Isekelwe
ezibonelweni eziningi zabantu abakhuluma
ngezindlela ezihlukahlukene zokuphimisela
namathoni ezwi. Ezinye izinhlelo zokusebenza
ze-ML zihlanganisa ukukhomba izinto
ezithombeni noma ukudlala imidlalo
eyinkimbinkimbi. Uhlelo ngalunye lwe-ML
luklanyelwe ukuxazulula inkinga ethile.
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ML model

A machine learning (ML) model is used by an
ML application to complete a task or solve a
problem. The ML model is a representation of
the problem being solved. ML developers use
vast amounts of data representative of a
specific problem to train a model to detect
patterns. The result of the training is a model,
which is used to make predictions about new
data in the same context. For example,
self-driving cars are built using ML models to
predict when to stop. The models are trained
using millions of examples of situations in
which cars need to stop. There are many
different types of models, using different kinds
of data, and different ways of training the
models. All ML models are trained to detect
patterns in the training data to make predictions
about new data.

ML model card

A machine learning (ML) model card is a way of
documenting essential information about ML
models in a structured way. ML model cards are
written by ML developers for both experts and
non-experts. For example, an ML application is
developed to translate different languages, such
as from Arabic to French and vice versa. A
model card includes information on the model’s
translation accuracy, as well as the model’s
performance around jargon, slang, and dialects.
Other model card information might include the
type of ML model, different performance
indicators, and even known bias. Model cards
are created during the explanation stage of the
Al project lifecycle to expose information on the
model’s capabilities and limitations, in a way
that is easy to understand.

Imodeli ye-ML

Imodeli engu- yokufunda komshini (ML)
isetshenziswa uhlelo lokusebenza Iwe-ML
ukugedela umsebenzi noma ukuxazulula
inkinga. Imodeli ye-ML iwumfanekiso wenkinga
exazululwayo. Onjiniyela be-ML basebenzisa
inani elikhulu ledatha engu- ummeleli wenkinga
ethile ukuze isitimela imodeli ukuze bathole
amaphethini. Umphumela wokugeqeshwa
uyimodeli, esetshenziselwa ukwenza izibikezelo
mayelana nedatha entsha kumongo ofanayo.
Isibonelo, izimoto ezizishayelayo zakhiwe
kusetshenziswa amamodeli e-ML ukubikezela
ukuthi kufanele zime nini. Amamodeli
aqegeshwa kusetshenziswa izigidi zezibonelo
zezimo lapho izimoto zidinga ukuma khona.
Kunezinhlobo eziningi ezahlukene zamamodeli,
asebenzisa izinhlobo ezahlukene zedatha,
nezindlela ezahlukene zokugeqgesha amamodeli.
Wonke amamodeli e-ML ageqgeshelwe ukuthola
amaphethini kudatha yokugegeshwa engu-
ukuze enze izibikezelo mayelana nedatha
entsha.

Ikhadi lemodeli ye-ML

I- yokufunda ngomshini (ML) imodeli yekhadi
iyindlela yokubhala ulwazi olubalulekile
mayelana namamodeli e-ML ngendlela
ehlelekile. Amakhadi emodeli e-ML abhalwa
onjiniyela be-ML kubo bobabili ochwepheshe
nabangebona ochwepheshe. Isibonelo, uhlelo
lokusebenza lwe-ML lwenzelwe ukuhumusha
izilimi ezahlukene, ezifana nokusuka
kusi-Arabhu kuye kusiFulentshi futhi
ngokuphambene nalokho. Ikhadi eliyimodeli
lifaka phakathi ulwazi lokuhumusha kwemodeli
ukunemba, kanye nokusebenza kwemodeli
ku-jargon, isitsotsi, nezilimi zesigodi. Olunye
ulwazi Iwekhadi lemodeli lungase luhlanganise
uhlobo lwemodeli ye-ML, izinkomba
zokusebenza ezihlukile, ngisho nokwaziwa
ukuthi bias. Amakhadi angamamodeli akhiwa
phakathi nesigaba sencazelo somjikelezo
wokuphila wephrojekthi engu- Al ukuze kudalule
ulwazi Iwamakhono nemikhawulo yemodeli,
ngendlela eqondakala kalula.
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ML prediction

Machine learning (ML) models are trained to
make predictions. The prediction produced by
an ML model suggests what the data
represents, or what might be useful for a task.
For example, an ML developer might train a
model to predict which movie someone might
want to watch next, based on their viewing
habits. The model will generate a prediction
after being trained on the movie choices of lots
of people. The main job of an ML model is to
make predictions. All ML models make
predictions, even if in some cases these
predictions are not obvious to the user.

Reinforcement learning

Reinforcement learning is one approach used to
train machine learning (ML) models. This
approach is used to solve problems with a clear
goal, where rewards and penalties are used to
reach that goal. Reinforcement learning
approaches are used in the design of
self-driving cars or to play complicated games.
For example, a reinforcement learning model
might be used to design an application to play
chess. The model is trained to predict the
moves that maximise the rewards and minimise
the penalties towards winning. Reinforcement
learning approaches use rewards and penalties
to identify strategies of reaching a set goal.

Rule-based

Rule-based is a way of designing systems using
a set of predefined rules. For example, a
noughts and crosses (tic-tac-toe) program is
designed using rules of what moves to make in
order to try to win the game. The rules are
defined by humans who are usually experts in
the domain of the problem being solved.

ML ukubikezela

Ukufunda ngomshini (ML) amamodeli
aqegeshiwe ukwenza izibikezelo. Isibikezelo
esikhigizwe imodeli ye-ML siphakamisa ukuthi
idatha imele ini, noma yini engase ibe usizo
emsebenzini. Isibonelo, unjiniyela we-ML
angase ageqeshe imodeli ukubikezela ukuthi
iyiphi imuvi omunye umuntu angase afune
ukuyibuka ngokulandelayo, ngokusekelwe
emikhubeni yakhe yokubuka. Imodeli izokhigiza
isibikezelo ngemuva kokugegeshwa
ekukhethweni kwefilimu yabantu abaningi.
Umsebenzi oyinhloko wemodeli ye-ML ukwenza
izibikezelo. Wonke amamodeli e-ML enza
izibikezelo, ngisho noma kwezinye izimo lezi
zibikezelo zingabonakali kumsebenzisi.

Ukufunda kokugqinisa

Ukufunda kokuginisa indlela eyodwa
esetshenziselwa isitimela ukufunda ngomshini
(ML) amamodeli. Le ndlela isetshenziselwa
ukuxazulula izinkinga ngomgomo ocacile, lapho
imivuzo nezinhlawulo zisetshenziselwa
ukufinyelela lowo mgomao. Izindlela zokufunda
zokuginisa zisetshenziswa ekwakhiweni
kwezimoto ezizishayelayo noma ukudlala
imidlalo enzima. Isibonelo, imodeli yokufunda
yokuginisa ingase isetshenziselwe ukuklama
uhlelo lokusebenza lokudlala i-chess. Imodeli
igegeshelwe ukubikezela iminyakazo ekhulisa
imiklomelo futhi inciphise izinhlawulo eziholela
ekuwineni. Izindlela zokufunda zokuginisa
zisebenzisa imivuzo nezinhlawulo ukuhlonza
amasu okufinyelela umgomo omisiwe.

Kusekelwe
emthethweni

Okusekelwe kumthetho kuyindlela yokuklama
amasistimu usebenzisa isethi yemithetho
echazwe ngaphambilini. Isibonelo, uhlelo
Iwe-noughts and crosss (tic-tac-toe)
ludizayinelwe kusetshenziswa imithetho
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Artificial intelligence (Al) systems built using a
rule-based approach are also known as ‘good
old-fashioned Al'. Rule-based systems stand in
contrast with data-driven systems where data is
used as examples of how to solve the problem.
Rule-based systems are useful for solving
problems where rules that cover most situations
can be produced and followed.

ML test data

In machine learning (ML), test data refers to the
data used to test and evaluate trained ML
models. For example, an ML model is trained to
predict a diagnosis of a medical condition.
Before being used in real-life situations, the
model is tested and evaluated using test data.
The test data is separate from the training data
an ML model is trained with. Test data is used to
measure the performance of an ML model with
examples beyond the training data.

ML training

Machine learning (ML) models are trained using
examples in the form of data to find patterns
and make predictions. During training, the
patterns are fine-tuned to improve predictions.
For example, an ML developer might build a
model to recommend songs. The ML model will
be trained on many people’s song choices to
find similarities between what different people
enjoy listening to. The more diverse song
choices the model is trained with, the better the
recommended song prediction is likely to be.
There are many different ways of training ML
models, using different types of data. A
developer will choose between the types of
training available depending on the problem

yalokho okwenziwayo ukuze uzame ukuwina
igeyimu. Imithetho ichazwa ngabantu abavame
ukuba ngochwepheshe emkhakheni wenkinga
exazululekayo. I-Artificial intelligence (Al)
izinhlelo ezakhiwe kusetshenziswa indlela
esuselwe kumthetho nazo zaziwa ngokuthi 'i-Al
eyisidala sakudala'. Amasistimu asekelwe
kumthetho ahlukile ku- aghutshwa idatha
amasistimu lapho idatha isetshenziswa
njengezibonelo zendlela yokuxazulula inkinga.
Izinhlelo ezisekelwe emithethweni ziwusizo
ekuxazululeni izinkinga lapho imithetho
ehlanganisa izimo eziningi ingakhigizwa futhi
ilandelwe.

Idatha yokuhlola ye-ML

Ekufundweni komshini (ML), idatha yokuhlola
ibhekisela kudatha esetshenziselwa ukuhlola
nokuhlola amamodeli ML amamodeli. Isibonelo,
imodeli ye-ML igegeshelwe ukubikezela
ukuxilongwa kwesimo sezempilo. Ngaphambi
kokusetshenziswa ezimweni zangempela,
imodeli iyahlolwa futhi ihlolwe kusetshenziswa
idatha yokuhlola. Idatha yokuhlola ihlukile
kudatha yokugegeshwa engu- imodeli ye-ML
eqgeqgeshwa ngayo. Idatha yokuhlola
isetshenziselwa ukukala ukusebenza kwemodeli
ye-ML ngezibonelo ezingaphezu kwedatha
yokugeqgeshwa.

Ukuqegeshwa kwe-ML

Ukufunda ngomshini (ML) amamodeli
aqegeshwa kusetshenziswa izibonelo ngendlela
idatha ukuze uthole amaphethini nokwenza
izibikezelo. Ngesikhathi sokugeqeshwa,
amaphethini acutshungulwa kahle ukuze
kuthuthukiswe izibikezelo. Isibonelo,
umthuthukisi we-ML angase akhe imodeli
yokuncoma izingoma. Imodeli ye-ML
izogegeshwa ekukhetheni izingoma zabantu
abaningi ukuze bathole ukufana phakathi
kwalokho abantu abahlukahlukene abajabulela
ukukulalela. Ukukhetha okuhlukahlukene
kwezingoma imodeli eqeqeshwa ngakho,
kuzoba ngcono ukubikezela kwengoma
enconyiwe. Kunezindlela eziningi ezahlukene
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they are trying to solve and the data available to
solve it. The quality of training largely depends
on the quality of the data used.

ML training data

In machine learning (ML), training data refers to
the examples in the form of data used to train
ML models. ML developers build models to
work out patterns in the training data, which can
be used to generate predictions about new data.
For example, an ML developer builds a speech
recognition application. The training data might
include lots of examples of people speaking, in
different accents or tones of voice. The more
the training data represents reality, the better the
model is likely to perform.

Societal bias

Societal bias refers to bias held by a large group
of people, or by society at large. There are many
different types of societal biases, such as racial
bias, gender bias, or ethnic bias. An example of
gender bias is the idea that women are less well
suited to engineering careers than men. Data
collected from large groups of people could
reflect societal biases, resulting in data bias. If
data that reflects societal bias is used to train
machine learning (ML) models, this may lead to
the models generating biased predictions. In
ML, it is important to mitigate societal biases
reflected in the training data, to avoid
discriminatory or unjust outcomes.

zokugeqgesha amamodeli e-ML, kusetshenziswa
izinhlobo ezahlukene zedatha. Unjiniyela
uzokhetha phakathi kwezinhlobo zokugegeshwa
ezitholakalayo kuye ngenkinga abazama
ukuyixazulula kanye nedatha etholakalayo
ukuyixazulula. Izinga lokugegeshwa lincike
kakhulu kwikhwalithi yedatha esetshenzisiwe.

Idatha yokugeqeshwa
ye-ML

kokuthi ukufunda ngomshini (ML), idatha
yokugegeshwa isho izibonelo ngendlela yedatha
esetshenziselwa ukugegesha ML amamodeli.
Onjiniyela be-ML bakha amamodeli ukuze benze
amaphethini kudatha yokugegeshwa,
engasetshenziswa ukukhigiza izibikezelo
mayelana nedatha entsha. Isibonelo,
umthuthukisi we-ML wakha uhlelo lokusebenza
lokugaphela inkulumo. Idatha yokugegeshwa
ingase ihlanganise izibonelo eziningi zabantu
abakhulumayo, ngamaphimisela ahlukene noma
amathoni ezwi. Uma idatha yokugegeshwa
imelela okungokoqobo, imodeli cishe
izosebenza kangcono.

Ukuchema
komphakathi

Ukuchema komphakathi kubhekise ku- bias
ephethwe igembu elikhulu labantu, noma
umphakathi wonkana. Kunezinhlobo eziningi
ezahlukene zokuchema komphakathi,
njengokucwasa ngokobuhlanga, ukuchema
ngobulili, noma ukucwasa ngokobuhlanga.
Isibonelo sokuchema ngobulili umbono wokuthi
abesifazane abafaneleki kangako emisebenzini
yobunjiniyela kunabesilisa. Idatha eqoqwe
emagenjini amakhulu abantu ingase ibonise
ukuchema komphakathi, okuholela ukuchema
kwedatha. Uma idatha ebonisa ukuchema
komphakathi isetshenziselwa ukugeqesha
amamodeli wokufunda ngomshini (ML) , lokhu
kungase kuholele kumamodeli akhigiza
izibikezelo ezichemile. Ku-ML, kubalulekile
ukunciphisa ukuchema komphakathi
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Supervised learning

Supervised learning is one approach used to
train machine learning (ML) models. Supervised
learning approaches use large amounts of data
labelled by people with relevant information.
One type of supervised learning is
classification. An example of a classification
problem is identifying tigers in the wild. The
data consists of many images, with the ones
containing tigers labelled as such.

The ML model is trained with the labelled
images and predicts if there is a tiger in those
images. Having correctly labelled images allows
the developer to know to what extent the
predictions of the model are accurate and adapt
the training of the model. Following that, the ML
model can be used to predict if there is a tiger in
completely new images. Supervised learning
approaches depend on having enough correctly
labelled data to produce accurate predictions.

Unsupervised learning

Unsupervised learning is one approach used to
train machine learning (ML) models. ML
developers train unsupervised learning models
to organise data based on similarities. This
process results in finding hidden patterns in the
data. One type of unsupervised learning is
clustering. An example of a clustering problem
is predicting how health data can be grouped to
help diagnose diseases. These groups are
called clusters, which are not known in advance.
The ML model can be used to predict if new
health data falls into one of the clusters.
Unsupervised learning approaches can be
useful in solving problems where people may
not know what to look for.

okubonakala kudatha yokugegeshwa , ukuze
kugwenywe imiphumela ebandlululayo noma
engenabulungisa.

Ukufunda okugadiwe

Ukufunda kokuginisa indlela eyodwa
esetshenziselwa isitimela ukufunda ngomshini
(ML) amamodeli. Izindlela zokufunda ezigadiwe
zisebenzisa amanani amakhulu idatha
enelebula elithi ngabantu abanolwazi olufanele.
Olunye uhlobo lokufunda okugadiwe ukuhlelwa.
Isibonelo senkinga yokuhlukaniswa ngezigaba
ukuhlonza amabhlosi endle. Idatha iqukethe
izithombe eziningi, nalezi eziqukethe amahlosi
abhalwe kanjalo.

Imodeli ye-ML igegeshwe ngezithombe
ezilebulwe futhi ibikezela uma kukhona ingwe
kulezo zithombe. Ukuba nezithombe ezinelebula
ngendlela efanele kuvumela umthuthukisi ukuthi
azi ukuthi ukugagela kwemodeli kufinyelele
ezingeni elingakanani kunembile futhi aguqule
ukugegeshwa kwemodeli. Ukulandela lokho,
imodeli ye-ML ingasetshenziswa ukubikezela
uma kukhona ingwe ezithombeni ezintsha
ngokuphelele. I1zindlela zokufunda ezigadiwe
zincike ekubeni nedatha eyanele enelebula
ngendlela efanele ukuze kukhigizwe izibikezelo
ezinembile.

Ukufunda okugadiwe

Ukufunda okungagadiwe kuyindlela eyodwa
esetshenziselwa isitimela ukufunda ngomshini
(ML) amamodeli. Onjiniyela be-ML bagegesha
amamodeli okufunda angagadiwe ukuze ahlele
idatha ngokusekelwe kokufana. Le nqubo
iphumela ekutholeni amaphethini afihliwe
kudatha. Olunye uhlobo lokufunda
olungagadiwe ukuhlanganisa. Isibonelo
senkinga yokuhlanganisa ukubikezela ukuthi
idatha yezempilo ingagoqwa kanjani ukusiza
ukuhlonza izifo. La magembu abizwa ngokuthi
amagoqo, akwaziwa kusenesikhathi. Imodeli
ye-ML ingasetshenziswa ukubikezela uma
idatha yezempilo entsha iwela kwelinye
lamaqoqo. Izindlela zokufunda ezingagadiwe
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zingaba usizo ekuxazululeni izinkinga lapho
abantu bengazi ukuthi yini okufanele bayibheke.
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